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Abstract

Motor learning in visuomotor adaptation tasks results from both explicit and implicit processes, each responding differently to an
error signal. Although the motor output side of these processes has been extensively studied, the visual input side is relatively
unknown. We investigated if and how depth perception affects the computation of error information by explicit and implicit motor
learning. Two groups of participants made reaching movements to bring a virtual cursor to a target in the frontoparallel plane.
The Delayed group was allowed to reaim and their feedback was delayed to emphasize explicit learning, whereas the camped
group received task-irrelevant clamped cursor feedback and continued to aim straight at the target to emphasize implicit adapta-
tion. Both groups played this game in a highly detailed virtual environment (depth condition), leveraging a cover task of playing
darts in a virtual tavern, and in an empty environment (no-depth condition). The delayed group showed an increase in error sen-
sitivity under depth relative to no-depth. In contrast, the clamped group adapted to the same degree under both conditions. The
movement kinematics of the delayed participants also changed under the depth condition, consistent with the target appearing
more distant, unlike the Clamped group. A comparison of the delayed behavioral data with a perceptual task from the same indi-
viduals showed that the greater reaiming in the depth condition was consistent with an increase in the scaling of the error dis-
tance and size. These findings suggest that explicit and implicit learning processes may rely on different sources of perceptual
information.

NEW & NOTEWORTHY We leveraged a classic sensorimotor adaptation task to perform a first systematic assessment of the
role of perceptual cues in the estimation of an error signal in the 3-D space during motor learning. We crossed two conditions
presenting different amounts of depth information, with two manipulations emphasizing explicit and implicit learning processes.
Explicit learning responded to the visual conditions, consistent with perceptual reports, whereas implicit learning appeared to be
independent of them.

depth perception; explicit learning; implicit learning; virtual reality; visuomotor rotation

INTRODUCTION

Adaptation is a fundamental process that helps maintain
calibration of the motor system in a constantly changing
environment. Although important progress has been made
over the past 20 years to characterize the error sensitivity of
the motor system (1–4), the input side of the adaptation pro-
cess remains less explored.

One aspect of this issue concerns how visual error infor-
mation gets encoded for motor learning in the first place.
Most visuomotor adaptation studies have been constrained

to a two-dimensional (2-D) plane, such as that of a monitor
or a flat frontoparallel surface, to display feedback of reach-
ing (i.e., rotations), to limit any potential discrepancies
between the visual representation and the physical world.
However, most everyday life actions take place in a wider
and three-dimensional (3-D) environment, where the rela-
tionship between the visual input and the physical world
cannot be determined as straightforwardly. Depth informa-
tion accurately is therefore critically important when reach-
ing in 3-D space, both in terms of motor planning and error
correction. This unveils an interesting puzzle.
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First off, depth vision is far from being accurate and, in
fact, it often leads to perceptual distortions of space (5–10),
raising the question as to what information themotor system
relies on when scaling error size information to adjust to vis-
ual perturbations in a 3-D environment. Second, motor
learning is not a unitary process. Sensorimotor adaptation of
goal-directed actions is known to be shaped by the interplay
between explicit learning and implicit motor adaptation
processes (11–13). Although both can be defined as error-
minimization processes, numerous findings indicate that
each process operates on different types of error information
(14–37). It remains an open question as to whether explicit
and implicit learning leverage different types of visual depth
cues to estimate movement errors.

Here, we set out to explore if and how explicit and implicit
processes incorporate multiple sources of depth information
during sensorimotor adaptation, through a 3-D version of
a visuomotor rotation task performed in virtual reality.
Participants were asked to make horizontal, planar-reaching
movements on a tabletop, starting from the center of the
chest and moving outward in the forward direction. They
aimed at a virtual target seen at varying distances in front of
them at eye height. End point feedback was provided about
the accuracy of the reach also on the frontoparallel plane,
but it was manipulated so to appear either to the right or to
the left relative to the hand’s direction. To compensate for
the perturbation, participants were required to adjust the
direction of the forward reaching, either clockwise (for a left-
ward offset on the frontoparallel plane) or counterclockwise
(for a rightward offset).

Explicit and implicit learnings were defined also in the
context of the visuomotor rotation task, as the amount of
reaiming consciously imparted by the participant, versus the
amount of rotation developed involuntarily over time due to
sensory-prediction errors. The two components were experi-
mentally dissociated: one group of participants performed
the task while receiving delayed end point feedback, which
appears to weaken implicit adaptation and require explicit
learning, another group received clamped end point feed-
back, which minimizes explicit learning to effectively isolate
implicit adaptation (16, 38, 39).

To determine the potential influence of visual depth cues
on explicit and implicit learning, the experiment had a 2 � 2
factorial design contrasting two viewing conditions against
two types of end point feedback. For the viewing conditions,
we tested a depth condition, where participants were
immersed in a full scale virtual “tavern” scene, simulating a
number of depth cues (perspective, texture, stereo disparity,
objects of familiar size, etc.) common to the real world, and a
no-depth condition, where participants were immersed in a
nondescript gray environment in which the target was the
only object visible.

To measure sensitivity to the error size, we varied the
direction and magnitude of the rotation every two trials, as
the experiment unfolded as a series of two-reaches sequen-
ces: participants in both groups (delayed and clamped) were
instructed to aim straight at the target’s bull’s eye once (the
“probe” reach), and then either reaim or keep aiming straight
in the second trial (the “test” reach), respectively. The critical
measure of error sensitivity was the degree of change from
the probe reach to the test reach, with special interest in how

depth information could potentially influence error size
interpretation by the explicit and implicit processes.

METHODS

Participants

Forty individuals participated in the experiment (15
females; age between 18 and 35 yr). They were equally di-
vided into two groups of 20 for the motor task, whereas all
40 did the same perceptual task. The sample size for the
motor task was determined through power analysis based on
a previous study (40) that compared the slope of the error
sensitivity function of both explicit and implicit learning.
Given an effect size of 1.19, the minimum number of partici-
pants required to detect a difference between the two learn-
ings through a two-sample t test was 19 per group (a=0.05,
power =0.95). The participants self-reported normal or
corrected-to-normal vision. Handedness was measured
with the Edinburgh Handedness Inventory. Participants
received either a reimbursement of $12/h or coursework
credit for volunteering. The experiment was approved by
the Institutional Review Board at Princeton University and
each participant gave written informed consent before the
experiment.

Apparatus and Procedure

Participants sat at a table with their head on a chinrest,
which could be adjusted to a comfortable position such that
the gaze pointed straight to the horizon. The visual scene
was displayed through a head-mounted virtual reality sys-
tem (HTC Vive) with a resolution of 1,440 � 1,600 pixel per
eye with a 90Hz refresh rate. The virtual scenes were mod-
eled in Blender (www.blender.org) and rendered in the view-
port of the Unity game engine (unity.com), where they were
animated through custom C# routines. The experimenter
first measured the participant’s interpupillary distance (IPD)
using a digital pupillometer, then helped her or him wear
the VR system’s headset, adjusting the spacing between the
lenses to match the participant’s IPD. Next, the participant
performed a stereovision test using a custom program, fol-
lowed by a short series of familiarization routines to get ac-
quainted with the virtual environment, and finally the
actual experiment began.

Viewing Conditions

The experiment included a perceptual and motor task. In
both tasks, the target stimulus was a virtual dartboard and
two visual conditions were tested: a no-depth condition,
where the target was presented in isolation against a gray
background, and a depth condition, where the target
appeared at the end of a full-scale tavern’s hall (Fig. 1A).
Although both conditions were viewed in stereovision, they
differed substantially in the strength and amount of avail-
able depth information. The uniform background of the no-
depth condition did not allow the eyes to resolve binocular
disparity across almost the entire visual field. The only
exception was represented by the area subtended by the tar-
get, whose size was chosen such that, within that region, bin-
ocular disparity would be negligible. Under this condition,
participants could determine distance by relying primarily
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on oculomotor information about the orientation of the eyes
when fixating the stimulus. The target was presented at ei-
ther the near distance of 1m, where oculomotor signals are
reliable, or at the far distance of 7m, where the eyes are
essentially parallel and ocular vergence is completely unreli-
able (41). The small visual angle subtended by the target also
ensured that absolute distance information provided by ver-
tical disparities was negligible (42). In sharp contrast, the

environment under the depth condition was enriched with a
wide array of visual features, which ensured a reliable dis-
parity field and also provided plenty of additionalmonocular
cues to depth, including perspective lines, texture gradients,
surface occlusions, and objects with familiar sizes. In both
conditions, the target always appeared in the center of the
visual field at eye height. Note in Fig. 1A that the central por-
tion of the visual scene up to �30� of visual angle (the wall

Figure 1.Methods of the study. A: in the perceptual task, participants toggled at will between an observation scene and a response scene. During obser-
vation, they saw a dartboard either in isolation (no-depth condition) or inside a tavern (depth condition). Only one condition was presented in each trial.
In the response scene, they adjusted the length of a line to estimate the dartboard’s diameter. B: bird’s eye geometry of the stimulus set in the observa-
tion scene. In each trial, one out of 10 possible target objects was presented (brown rectangles), resulting from the combination of five sizes (in cm in the
figure) and two egocentric distances (1m or 7m). The size and the distance were calculated such that the target subtended one of five possible visual
angles (in deg). Each visual angle was therefore projected from either a near distance or a far distance.C: during the motor task, participants threw virtual
darts at the dartboard by making small reaching movements and triggering the appearance of a small cross (Cursor), which provided feedback about
the hand’s direction. D: bird’s eye geometry of the two-trial sequence executed in the motor task. The probe trial (1) came first: All participants were
instructed to aim at the target’s center by reaching 10cm in the forward direction (green arrow), and a red cross appeared at the same depth of the tar-
get, showing the hand’s direction plus an angular offset (see text for details). The feedback appeared either one second after movement completion
(delayed group), or immediately following it (clamped group). The following test trial (2) was different between the groups: The delayed participants
were instructed to reaim (blue arrow) so to counteract the offset and bring the red cross in the middle of the target; the clamped participants could not
control the end point feedback’s position, thus they were told to ignore it and keep aiming straight, which induced involuntary sensorimotor adaptation
(red arrow). E: block design of the two groups of the motor task. The clamped group (top row) began with a few baseline trials at the beginning of the
session, followed by eight consecutive blocks of learning trials, four under each viewing condition (depth or no-depth, in different colors). The delayed
group (bottom row) performed baseline trials before each learning block. Both groups rested for 30s between the completion of a learning block and
the start of the next one.
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behind the dartboard) showed the same uniform gray back-
ground under both conditions. The size of this area was cho-
sen so to ensure that 1) subjects could not have an advantage
in the depth condition by being able to directly compare the
target’s location with a neighboring scene element or visual
feature; 2) the end point feedback during the motor task
would always appear against a neutral background (i.e., no
depth information) in both conditions (see Learning trials
paragraph in theMotor Task section).

Perceptual Task

To determine how depth vision influences the perception
of size, participants performed a perceptual task in which
they reported the apparent size of the target (the dartboard)
while being immersed in either a depth-enriched or a depth-
impoverished virtual environment (Fig. 1A). Each trial
started with the “observation” scene, that is, with the target
visible under one of the viewing conditions (depth or no-
depth). The target was seen either at 1 m (near distance) or at
7 m (far distance) and subtended one of five visual angles:
1.5�, 3�, 6�, 9�, or 12�, corresponding approximately to a diam-
eter of 2.6, 5.2, 10.5, 15.7 and 21cm at the near distance, and
of 18.3, 36.7, 73, 110, and 148cm at the far distance (Fig. 1B).
Through a keypress, participants could toggle between this
scene and a second scene (“response”). The response scene
showed a textured floor with a probe laying on its surface 4
m away from the observer. The highly detailed surface of the
ground in the response scene was designed to provide partic-
ipants with a reliable reference when reporting their esti-
mates of distance and size from the observation scene. The
probe’s distance was chosen to be intermediate between the
target’s near and far distances. The probe was a black strip
orthogonal to the line of sight. Although in the response
scene, the participants used the keyboard to adjust the
length of the probe until it matched the perceived diameter
of the target in the observation scene. Participants were
instructed to imagine that the target was illuminated by per-
fectly vertical sunlight, and that the probe was to represent
the resulting shadow being cast on the floor. Using the key-
board, participants could switch back and forth between ob-
servation and response scenes as many times as they
needed. Following a within-subject design, the task included
five presentations of each of the five target’s sizes at each dis-
tance in each condition, for a total of 100 trials.

Motor Task

To determine if depth vision affects how visual errors are
encoded by the motor system, participants performed a
visuomotor adaptation task, in which they were instructed
to make a series of short reaching movements in depth to
slide one of the HTC Vive controllers on a tabletop, starting
from near the chest and moving in forward direction. They
aimed these movements at a target (a virtual dartboard) pre-
sented at eye height and seen in the distance, while being
immersed in either a depth-enriched or a depth-impover-
ished virtual environment. The controller was installed on a
custom 3-D-printed support whose basis was covered in felt
and glided on a glass surface, to minimize friction and audi-
tory cues. The experimenter first calibrated the start posi-
tion, then the participant donned the VR headset, rested

their head on the chinrest and practiced reaching out and
returning to start position until the movement became
smooth and natural.

The motor task was staged as a game of “darts,” in which
participants were instructed to make short rapid 10cm
reaching movements with the hand, as soon as the target
appeared (median movement duration=464 ms). When the
hand was 10cm away from the start position along the depth
dimension, it triggered the appearance of a 1.5� wide cross
on the screen (Fig. 1C). The cross was located at the same dis-
tance of the target and at the same height of the target’s cen-
ter (at eye height), whereas its lateral position provided end
point feedback about the movement direction (Fig. 1D). No
online feedback was given. The goal of the experiment was
to study the influence of pictorial depth information, such as
perspective and texture, during motor learning. As binocular
disparity tends to override these cues altogether, and it is
most reliable near the body (see also the results from the per-
ceptual task in Fig. 2), in themotor task the target was always
seen at the far distance (7m) subtending a visual angle of 6�

(diameter of 73cm).

Experimental groups.
Although the perceptual task was identical for all partici-
pants, in the motor task half of the participants were
assigned to a “clamped” group, presumed to be largely
implicit, and the other half to a “delayed” group, presumed
to be mostly explicit. Both groups performed eight blocks of
trials back-to-back with a short 30-s break between each
block. In a within-subject design, four blocks tested reaching
under the depth condition, and four under the no-depth con-
dition. For the delayed group, each block started with a short
sequence of “baseline” trials followed by a long sequence of
“learning” trials. Clamped participants performed a series of
baseline trials only at the beginning of the first block.

Baseline trials.
During a baseline trial, the target appeared under one of the
two viewing conditions and subjects aimed at its center by
reaching forward and receiving veridical end point feedback
about their movement’s accuracy. For the clamped group,
end point feedback was displayed immediately after the
hand crossed a distance of 10cm. For the delayed group, end
point feedback was presented 1 s after the hand crossed
10cm. For both groups, the feedback then remained visible for
1 s, after which the scene was cleared, and the subject could
return to the start position to begin the next trial. A V-shaped
metallic frame was installed at the start position to guide par-
ticipants to the same initial location when returning.

Learning trials.
Each learning trial consisted of two reaching movements. In
the first reaching, the “probe,” participants of both groups
were instructed to aim at the center of the target as accu-
rately as possible, but the end point feedback was offset lat-
erally by the computer by a given amount of degrees of
visual angle. There were 11 offsets: 0�, ±1.5�, ±3�, ±6�, ±9�, or
±12�. For the clamped group, the position of the end point
feedback was independent of the actual hand direction. For
example, with a zero degree offset the end point feedback
appeared exactly in the center of the target (i.e., no visual
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error), regardless of where the subject actually reached with
the hand. Similarly, when the offset was �9�, the end point
feedback appeared 9� to the left of the target’s center (i.e.,
bullseye), regardless of the participant’s hand direction.
Subjects in this group were instructed to ignore the end point
feedback and always aim at the target’s center.

For the delayed group, the end point feedback’s position
resulted from shifting the true hand direction by an amount
corresponding to the offset size. For example, a 0� offset
meant that the end point feedback was veridical (the actual
direction of the reaching plus zero offset), and a þ9� offset
meant that the true hand direction was shifted 9� to the
right. Subjects in this group were instructed to aim straight
at the target’s bullseye and pay attention to the end point
feedback.

In the second reachingmovement of the learning trial, the
“test,” the end point feedback’s behavior was the same as in
the probe (fixed for the clamped participants and shifted for
the delayed participants), but the instructions differed
between groups. The clamped group was instructed to aim
again at the target’s bullseye and keep ignoring the end point
feedback, whereas the delayed group was instructed to coun-
teract the offset observed in the probe reach, such as to bring
the (shifted) end point feedback as close as possible to hitting
the target’s center. Like in the baseline trials, end point feed-
back on learning trials appeared either instantaneously
(clamped) or with a 1-s delay (delayed) and remained visible
for 1 s. To ensure that the participants kept aiming at the tar-
get’s center, every trial (i.e., every sequence of a probe and a
test reach) the target’s horizontal position was extracted
from a uniform distribution within the interval [�1.5, 1.5]�

(the computer-controlled end point feedback of the clamped
group was also shifted accordingly). This manipulation also
prevented that participants could exploit the same absolute
target location to estimate the position of the end point
feedback.

Experimental Design

Participants in both groups performed 264 learning tri-
als. Each learning trial comprised two reaching move-
ments (a probe trial followed by a test trial)—2 viewing
conditions � 11 offsets � 12 repetitions (amounting to 528
reachings)—distributed across eight blocks (four blocks
per visual condition).

The order of the viewing conditions (depth and no-depth)
over the course of the eight blocks was counterbalanced
between subjects, as well as the order of the tasks (perceptual
task first vs. motor task first). The delayed group performed
an additional 14 baseline trials at the beginning of each block
to emphasize reaiming in the subsequent learning block. For
the opposite reason, namely, to avoid canceling implicit ad-
aptation, the clamped group did only 10 baseline trials at the
beginning of the experiment (Fig. 1E).

Data Analysis

The responses of the perceptual task and the kinematic
data were analyzed in R (43). For the perceptual task, the
main dependent variable was the adjusted size of the probe
object in the Response scene. An exploratory data analysis
was first performed on a subject-by-subject basis for the

detection of possible outliers, defined as those adjustments
which exceeded 1.5 times the IQR of the total distribution of
the responses for that individual. These observations were
excluded, amounting to 0.9% of the entire data set.

For the motor task, the primary dependent variable was
the lateral position of the hand when it reached 10cm in
depth from the start position, which the program recorded
in real time and used to project the end point feedback.
From that value, the instantaneous hand direction was cal-
culated as the angular deviation from the forward direction
(positive values for clockwise deviations). In addition, the 2-
D positional data of the controller (x and z coordinates of the
reaching movement) was also examined. First it was checked
for missing frames, on a subject-by-subject and trial-by-trial
basis. A Savitzky–Golay filter of fourth order was then
applied to the trajectory data and used to compute velocity
and acceleration. The onset of the reaching movement was
chosen to be the first frame of the longest sequence of frames
in which the velocity’s z component (the velocity in the for-
ward direction) was continuously greater than 2cm/s.
Within the same sequence, the end of the movement was
marked by the first frame in which the z velocity dropped
below 2cm/s. From the processed trajectory data, we
extracted a number of dependent variables, including veloc-
ity and accelerationmaxima and their times of occurrence.

RESULTS
The analysis of the results was divided into three steps:

first, we examined the perceptual and motor responses sepa-
rately, then we compared the performances together to
study if the two tasks shared a common substrate for the
processing of depth cues.

Perceptual Task

The perceptual task measured how size perception is
influenced by the amount of visual depth cues present in the
environment. In it, participants adjusted the length of a line
to match the perceived diameter of a circular target object (a
dartboard) which was seen either inside a highly detailed
room (depth condition) or in an empty space (no-depth con-
dition). Every individual did the same perceptual task
regardless of the motor task group they were assigned to.

On average, participants increased the visual size of the
probe in a semilinear fashion as the visual angle subtended
by the target increased, as shown in Fig. 2. Participants
matched the angular size of the near stimuli with relatively
high accuracy (white circles), whereas they showed a bias to
overestimate the visual size of the stimuli at the far distance
(filled circles). Moreover, this overestimation bias for the far
targets was greater under the depth condition relative to no-
depth.

The angular size of the probe’s adjusted length, matching
the perceived angular size of the target, was submitted to an
omnibus univariate 5 � 2 � 2 ANOVA, crossing three factors:
the target’s simulated size, the viewing distance, and the
viewing condition. All three main effects were significant
(target size: F4,156 = 558.96, P < 0.001, g2

p = 0.94; viewing dis-
tance: F1,39 = 252.17, P < 0.001, g2

p = 0.87; visual condition:
F1,39 = 39.64, P < 0.001, g2

p = 0.50), as well as all the interac-
tions (viewing distance � target size: F4,156 = 30.32, P <
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0.001, g2
p = 0.44; viewing distance � visual condition: F1,39 =

56.62, P < 0.001, g2
p = 0.59; target size � visual condition:

F4,156 = 13.10, P < 0.001, g2
p = 0.25; viewing distance � target

size � visual condition: F4,156 = 7.72, P< 0.001, g2
p = 0.17).

The five target’s angular sizes were easily distinguishable
from one another, as confirmed by the Holm-corrected post
hoc comparison of all pairwise differences between the
adjusted sizes. Furthermore, in agreement with the psycho-
physics literature (44, 45), the just-noticeable-difference
decreased for larger stimuli, namely, the same size interval
appeared smaller between two large stimuli than between
two small stimuli. This led to a gradual departure from line-
arity in the responses as a function of the visual angle sub-
tended by the target (Fig. 2). The critical test here was to see
whether the different depth contexts would affect this size
estimation and how.

The main effect of the viewing condition showed that the
size estimates were significantly greater when the target was
seen under the depth condition than in isolation (F1,39 =
39.64, P < 0.001). Figure 2 shows that this effect was primar-
ily driven by the interaction with the fixation distance, as it
was significant at 7m (F1,39 = 71.14, P < 0.001; solid dots), but
not at 1m (F1,39 = 2.47, P = 0.12; open circles). This was
expected, since at 7m the pictorial cues (perspective, texture,
relative size, etc.) dominated size perception over binocular
disparity, which instead decays rapidly with the square of
the distance (46). As a result, when the dartboard was seen at
the far distance in the richly detailed scene of the depth con-
dition, it appeared compellingly larger (because seemingly
more distant) than when seen at the same distance against
the flat background of the no-depth condition. For this rea-
son, 7mwas also the distance selected for the motor task.

The reverse side of the interaction between depth cues
and fixation distance was that, under the depth condition,

the difference between the perceived size of the far objects
and that of the near objects was greater relative to no-depth
(Fig. 2, solid dots vs. open circles for each color). The abun-
dance of depth cues in the former condition allowed partici-
pants to distinguish between the two fixation distances more
clearly, resulting in more separate size estimates at near and
at far distances. This pattern is in accordance with a known
compression/expansion mechanism affecting the perceived
visual space which depends on the amount of depth cues
available in the environment (8).

In summary, size estimates were systematically greater
when the target was seen in the tavern scene than when seen
against a uniform background, and this effect was maximal
at the farthest fixation distance as anticipated.

Motor Task

In the motor task, participants performed a visuomotor
rotation task aiming at a target seen at eye height from a dis-
tance of 7m. To focus selectively on explicit and implicit
components of motor learning, they were divided between a
delayed group and a clamped group, respectively. To study if
and how the two processes are affected by changes in the
depth information in the environment, both groups did the
motor task under a depth and a no-depth visual condition.
Throughout this task, all participants performed three types
of trials (baseline, probe, and test). The direction of their
reaching movements, which we will refer to as hand angle,
was measured as the angle between the instantaneous direc-
tion of the hand when it had traveled 10cm away from the
body and the forward direction.

All participants aimed straight during the baseline trials,
namely, with an average hand angle not different from zero
(delayed: �0.004� ± 0.007�, t19 = �0.65, P = 0.52; clamped:
0.03� ± 0.04�, t19 = 0.73, P = 0.47). In the learning blocks, the
average hand angle of the probe trial was also zero in both
groups, as expected (delayed: 0.06� ± 0.1�, t19 = 0.64, P = 0.53;
clamped: �0.14� ± 0.13�, t19 = �1.12, P = 0.28). Although both
groups completed these movements in the same amount of
time (delayed: 510±40ms; clamped: 460±40ms; t38 = 0.83,
P = 0.41), clamped group exhibited shorter RTs than delayed
group (clamped: 364±44ms; delayed: 642±61ms; t38 = 3.69,
P < 0.01), as the latter group actively tried to counter the vis-
ual rotation. Finally, in the test trials, the hand angle was
again on average zero (delayed: 0.18� ± 0.16�, t19 = 1.13, P =
0.27; clamped:�0.2� ± 0.14�, t19 = �1.4, P = 0.18) as the distri-
bution of the offsets was symmetrical around the straight
direction. Moreover, as the test trials alternated with the
probe trials during the learning phase of the experiment,
their timing followed the same pattern (same movement
time in both groups, shorted RTs for the clamped group).

The main variable we used to quantify learning through-
out the whole study was the individual sensitivity to the
error size, computed through a subject-by-subject linear
regression of the hand angle as a function of the offset. This
analysis returned an average slope of 0.96 (t19 = 23.98, P <
0.01) for the delayed group (mean R2 =0.97), and an average
slope of 0.04 (t19 = 3.88, P < 0.01) for the clamped group
(mean R2 =0.14) (Fig. 3). Though smaller than the effect size
of the explicit learning, the significant scaling with the error
size exhibited by the clamped group confirms previous

Figure 2. Adjusted visual angle of the probe in the perceptual task as
function of the stimuli’s visual angle. Adjustments of the far (7m) and the
near (1m) stimuli are represented by filled circles and open circles, respec-
tively. The dashed line represents the projection of the stimuli at the probe
distance (4m). Red data points and solid lines identify the responses
under the depth condition, while the responses under the no-depth condi-
tion are displayed in gray. Error bars represent the within-subject 95% CI.
CI, confidence interval.
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evidence that the motor system can adapt to perturbations
of the visuomotor mapping that vary as frequently as every
other trial (40, 47–51). Moreover, the clamped group showed
learning despite that certain features of the task could have
potentially reduced its magnitude, such as receiving end
point rather than continuous feedback (52, 53), and the fact
that the experimental setup required converting the error
estimate from the frontoparallel plane (that of the visual
input) to the transversal plane (that of the hand).

Next, a 2 � 6 � 2 mixed ANOVA was performed on the
hand angle of the test trials, crossing one between-subjects
factor (group) with two within-subject factors (offset size and
visual condition). All three main effects were significant
(group: F1,38 = 444.95, P < 0.01, g2

p = 0.92; offset size:
F5,190=408.42, P < 0.01, g2

p = 0.92; visual conditions: F1,38 =

4.56, P = 0.04, g2
p = 0.11), as well as the interactions between

group and offset size (F5,190 = 360.35, P < 0.01, g2
p = 0.91) and

between group and visual condition (F1,38 = 13.96, P < 0.01,
g2
p = 0.27).
The most critical finding of this task, the main effect of

the visual conditions, was caused by the depth condition
yielding larger compensations than the no-depth condition
(Fig. 3A). This behavior mirrored the bias in the estimation
of the target’s size in the perceptual task: relative to the non-
descript environment, participants showed greater compen-
sations when reaching in the tavern scene.

More precisely, this main effect was driven by its interac-
tion with the group factor, as the visual condition had a sig-
nificant effect on the performance of the delayed group
(F1,38 = 17.24, P < 0.01) although not for the clamped group

Figure 3. A: hand angle of the test trials as a function of the offset presented in the probe trial, for the delayed group (circles) and the clamped group (squares).
Error bars represent the within-subject SE of the mean in A, B, C and the between-subject SE of the mean in D. Across all panels, the same color code is used
to indicate the visual conditions (depth in red and no-depth in gray). B, C, and D show additional statistics about the performance of the two groups—left,
delayed; right, clamped. The aspect ratio is the same across each row of panels. Significant differences (P < 0.05) are marked with an asterisk. B: increase in
error sensitivity under the depth condition relative to no-depth (for delayed but not for clamped), expressed through the slope of the linear regression relating
the hand angle to the offset size; C: anticipation (x-axis) and increase in magnitude (y-axis) of the maximum acceleration (Max Acc) under depth relative to no-
depth (for delayed but not for clamped), compatible with a movement aimed at a farther target in the former condition. D: net modulation of the slope relating
the reaction times to the (estimated) offset size, evidence of mental rotation: increase under depth relative to no-depth (for delayed but not for clamped).
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(F1,38 = 1.28, P = 0.26). This difference between the responses
of the two groups in the test trials can also be viewed in
terms of error sensitivity, calculated as the slope of the linear
regression between the hand angle and the offset size (Fig.
3B). For the delayed participants, switching to the tavern
environment caused sensitivity to significantly increase by
0.08 (t19 = 3.5, P < 0.01) relative to the nondescript environ-
ment, reaching a slope value of 0.99. For comparison, no sig-
nificant change could be found between conditions for the
clamped group (t19 =�0.94, P = 0.82).

Although we cannot rule out that the small magnitude of
the implicit adaptation could have prevented a depth-related
effect to be detectable, the hand angle data could also hint to
a genuine dissociation between explicit and implicit proc-
esses with respect to how depth information is integrated for
the encoding of error signals. The analysis of two other be-
havioral markers provided partial evidence in favor of the
latter possibility, suggesting that indeed depth vision selec-
tively affected the movement plan of the delayed group
only.

First, participants in the delayed group exhibited faster
movements when reaching under the depth condition than
under the no-depth condition (Fig. 3C), consistent with them
aiming at a target that appeared more distant in the former
case, and in agreement with the results of the perceptual
task. The peak acceleration of the test reach was greater (t19 =
2.1, P = 0.02) and also occurred earlier in time (t19 = �2.21, P =
0.02). In contrast, the clamped group showed no change
between conditions neither in the peak acceleration’s magni-
tude (t19 = 0.73, P = 0.24) nor in its time of occurrence (t19 =
�0.38, P = 0.35).

Second, based on the previous results we hypothesized
that the reaction times would be greater under the depth
condition than under no-depth, due to increased mental
rotation required to compute a perceptually bigger reaiming
angle (28). To test this prediction, we regressed the reaction
times on the offset size (absolute value) for each subject,
using the resulting slope as a measure of mental rotation. To
calculate the net mental rotation in the test trial, we sub-
tracted the slope of the probe trial’s fit from that of the test
trial’s fit (Fig. 3D). We calculated two such values for each
subject, one for each visual condition. We found amarginally
significant effect of the visual condition in the delayed group
(t19 = 2.12, P = 0.047), and no effect in the clamped group
(t19 = 0.32, P = 0.75).

Coupling between Perception and Motor Learning

Following separate analyses, the performances in the per-
ceptual and in the motor tasks were then directly compared
to test the hypothesis that the results in both tasks stemmed
from a common mechanism underlying the processing of
depth cues. The rationale for this comparison was that, if
such mechanism truly existed, then it should develop simi-
larly over time in both tasks, and also be detectable at a sub-
ject-by-subject level. This analysis, which was carried on the
delayed data only since the effect size of the clamped group
was too small, found evidence in support of both points.

To look at the evolution of the delayed data over time, the
motor results were first broken down into each learning
block. As per the experimental design, the depth and no-

depth environments were each presented in four successive
learning blocks across the motor task (Fig. 1E), enabling us to
compare how the error size sensitivity varied on a block-by-
block basis in each visual condition.

The data set for the analysis of the temporal evolution of
the perceptual responses was slightly different, since the per-
ceptual task consisted of a unique block. In here we looked
at how the responses changed on a trial-by-trial basis. For
each subject we split the data set into sequences of trials in
which the same visual condition was presented consecu-
tively due to randomization. We were able to obtain a full
sample size for strings up to a length of four trials.

We first looked at the temporal evolution of the responses
in the two tasks.

In the motor data, we found that the greater error sensitiv-
ity in the depth condition relative to the no-depth condition
was caused by a deterioration of the performance under no-
depth (Fig. 4A). We fitted the error size sensitivity as func-
tion of the number of blocks for each condition, and found
that it was accurate [intercept = 1.02, tdifference from 1(19) = 0.44,
P = 0.66) and constant (slope = �0.003, t19 = �0.14, P = 0.89)
under depth, whereas it decreased significantly under no-
depth (slope =�0.04, t19 =�2.66, P< 0.01).

Similar to the motor results, longer sequences of percep-
tual size judgments made under the same visual condition
correlated with a stronger effect of depth information and
vice versa. To compute this effect, for each subject we fitted
two linear models of the average adjustments as a function
of the number of consecutive trials, one for the depth and
another for the no-depth condition. We found a significant
interaction between the trials sequence’s length and the vis-
ual condition, such that the no-depth adjustments became
significantly smaller for longer sequences of consecutive tri-
als (t39 = �1.88, P = 0.03), whereas the depth adjustments
remained constant (t39 =0.39, P = 0.70; Fig. 4B), attributable
to size adaptation (see DISCUSSION). Though these results are
only indirectly confirmatory, as they show a correlation
between a block-by-block effect with a trial-by-trial effect,
they nonetheless reveal the signature of the same mecha-
nism affecting, on a different scale, both the perceptual and
themotor results.

Second, we compared the motor results with the percep-
tual results at a subject-by-subject level. This comparison

Figure 4. A: motor task: block-by-block evolution of the motor error sensi-
tivity for each visual condition (delayed group). B: perceptual task: average
estimate of the target size as function of the number of trials consecutively
under the same visual conditions. All error bars show the within-subject
means ± SE.
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was driven by the observation of a systematic bias in the
motor results. As the top row of Fig. 5A shows, the error size
sensitivity under the no-depth condition showed a maxi-
mum, nearly significant drop in the second block (t19 =
�1.47, P = 0.078), which is evidence of a sharp underestima-
tion of the target’s distance relative to the first block. This
decrease then abated in the remaining third and fourth
blocks (gray data). For comparison, under the depth condi-
tion (red data), the transition from the first block to the sec-
ond block was accompanied by a much smaller drop in error
sensitivity (P = 0.27).

Although at first blush this too could be viewed as com-
pletely spurious, a careful observation of the movement ki-
nematics revealed the presence of the exact same pattern
(Fig. 5A, center and bottom rows). Under the no-depth condi-
tion, both the hand’s maximum velocity and maximum
acceleration underwent a dramatic reduction after the first
transition from the first block to the second block (max ve-
locity: t19 =�3.33, P< 0.01; max acceleration: t19 =�2.60, P<
0.01), consistent with the reduction of the target’s estimated
distance suggested by the analysis of the error sensitivity.
Moreover, this means that the error was lawfully underesti-
mated in turn, since the offset size scaled with the viewing
distance. In the remaining blocks of the motor task, the kine-
matic profile of the hand then remained relatively stable,
again mirroring the error sensitivity: both maxima showed

no significant reduction under the depth condition (max ve-
locity: P = 0.20; max acceleration: P = 0.20).

Note in the graphs in Fig. 5A that, although there was a
general reduction of all behavioral indices in the second
block (all trended downward), likely due to habituation to
the visual scene, this very reduction was always systemati-
cally greater in the no-depth condition than the depth
condition.

All these observations suggested that the first shift
between blocks under different visual conditions was the
most critical, in terms of when the depth cues had their
most visible impact on error sensitivity. To verify this
conclusion, we repeated the previous correlation analysis
between the motor and the perceptual shift in error sensi-
tivity (Dslope) only this time we subset each learning
block and compared it with the same individuals’ percep-
tual results. This resulted in four correlation statistics
(Pearson’s r), comparing the same Dslopeperceptual with
the Dslopemotor from the first, second, third, and fourth
motor learning blocks. Consistent with the behavioral
observations, we found that the perceptual data showed a
selective and strong positive correlation with the motor
data of the second block (rblock2 = 0.59, P = 0.02)—that is,
after the first shift between visual conditions but not after
the following shifts (Pblock1 = 0.25, pblock3 = 1; Pblock4 = 1;
all P values were Bonferroni-corrected).

Figure 5. A: group-level effects of depth information on motor learning (delayed participants). Left, evolution of three behavioral indexes [top, motor error sen-
sitivity, same as in Fig. 4A;middle, maximum velocity (Max Vel); bottom, maximum acceleration (Max Acc)] over the course of the learning blocks of each visual
condition (depth in red, no-depth in gray). Right, block-by-block difference of each variable (change relative to the previous block): most of the motor learning
was determined after shifting to the second block. Significant differences from zero are marked with ·(P < 0.1) and ���(P < 0.01). Error bars show the within-
subject means ± SE. B: individual-level effect of depth information on the perception-action coupling. Comparison between the effect of the visual conditions
on the error sensitivity (Dslope) in themotor task (y-axis) and in the perceptual task (x-axis) during learning block #2. Each point represents an individual score.
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This analysis outlined the importance of the first transi-
tion from one condition block to the other, which appeared
to mark a crucial moment during explicit motor learning. In
the second learning block, each delayed participant recali-
brated their reachingmovements according to their own per-
ceptual rescaling of the scene. This is visible in the
scatterplot of Fig. 5B if, for example, a participant estimated
the target’s size in approximately the same way under either
visual condition, showing a weak effect of the depth infor-
mation on perception—that is, a low Dslopeperceptual—they
also showed a weak effect of the depth information on action
—a low Dslopemotor. Vice versa, a participant who showed a
clear improvement in the estimation of the target’s size
under the depth condition relative to no-depth—resulting in
a high Dslopeperceptual—also scaled their reaims more accu-
rately under the same visual condition (high Dslopemotor).

Overall, the comparison between the perceptual and the
motor data uncovered compelling parallelisms between the
two tasks. Although these similarities must be taken with
caution due to the post-hoc nature of the analysis, they are
remarkably consistent with the results of the contrasts
planned a priori. In conclusion, although more future explo-
ration on this issue is necessary, the present data strongly
supports a direct connection between the perceptual analy-
sis of the visual scene and the behavior exposed by explicit
motor learning.

DISCUSSION
Behavioral and neuroanatomical research on motor adap-

tation have uncovered evidence of both explicit and implicit
error-minimization mechanisms, which drive the human
ability to adapt to changes in the environment. Both proc-
esses are known to react to error signals differently from one
another (18, 28, 53, 54). Regardless of these behavioral differ-
ences, any incoming source of error information requires
translating a proximal sensory stimulation into a representa-
tion that is useful to update themotor output.

Theoretically, the translation step poses a problem,
because it happens in the perceptual domain and perception
does not always represent reality in a veridical fashion (7,
55–57). In practice, the effects of potentially inaccurate per-
ception-action coupling have not been a concern for most of
the previous investigations, which have probed mostly pla-
nar movements with feedback seen on a flat surface or a
frontoparallel setup. However, in the natural environment
motor actions are embedded in a 3-D space, and they fre-
quently consist of movements aimed at multiple distances
where even small perceptual changes can lead to major mis-
takes. Here, we sought to investigate the role of depth infor-
mation inmotor learning using virtual reality to render a 3-D
version of a classic visuomotor rotation task in depth.

Participants performed outward reaching movements
aiming at the center of a target located at a simulated dis-
tance of 7 m and seen on the frontoparallel plane at eye
height. They did so under two visual conditions: A depth
condition, where the environment was enriched with retinal
and extraretinal depth cues, and a no-depth condition,
where the environment offered no reliable distance cues
except for oculomotor convergence. We crossed these visual
conditions with two end point feedback conditions, delayed

feedback and “clamped” feedback, which have been shown
to emphasize learning by explicit and implicit processes,
respectively (16, 20, 23, 38, 39, 58–60).

The learning task consisted of two reachingmovements in
sequence, a probe trial and a test trial. In the first trial (probe)
participants aimed straight at the target’s bullseye and wit-
nessed the perturbation, according to their feedback condi-
tion. In the second trial (test), the delayed group was allowed
to reaim to compensate for the offset, whereas the clamped
groupwas instructed to ignore the feedback and keep aiming
straight. Finally, to assess the effect of the visual conditions
on size estimation, all participants did a perceptual task
where they judged the size of the target under the depth and
the no-depth conditions.

Both groups of participants exhibited sensitivity to the
error size in the test trial, although to different extents.
Delay participants made ample and mostly accurate correc-
tions, whereas the clamped participants exhibited a small
subconscious compensatory bias proportional to the size of
the visual offset. The different error sensitivity between
groups was expected, since explicit re-aiming and implicit
adaptation have been previously shown to lead to separate
forms of learning, each with specific characteristics (14, 16,
17, 24). Albeit small, the significant modulation exhibited by
the clamped group confirms previous results that implicit
learning can develop after as little as two trials (40, 47–51),
and also converges with recent evidence showing serial
dependencies between saccade adaptation and spatial local-
ization (61).

More importantly, delayed participants showed a system-
atic modulation of their error sensitivity driven by the depth
condition, such that their re-aiming direction was smaller
under no-depth relative to depth and correlated with a
reduction in the movement’s speed and acceleration. Albeit
being relatively small, the decrease in error sensitivity was
present for both rightward and leftward errors of the cursor,
thus somewhat acting as an internal replication, and we
expect that the same increase would be more pronounced
with stronger depth cues and at larger distances. This effect
of the depth cues suggests that, during explicit motor learn-
ing, the error size (i.e., the amount of lateral shift of the end
point from the target’s center) was estimated as a lateral off-
set. That is, by scaling its retinal projection by some estimate
of the fixation distance to return a length estimate (as
opposed to an angular estimate, which is independent of the
fixation distance). This would explain why the hand direc-
tion was susceptible to changes in the context: as per the per-
ceptual results, perceived size was smaller in the no-depth
environment relative to depth, yielding less reaiming,
because the overwhelming lack of depth cues caused the flat-
tening of the perceptual space (62) and made the objects in
front of the observer look closer and thus smaller. The oppo-
site happened when the scene was abundant with depth
cues.

In contrast to the delay participants, the error sensitivity
function of the clamped group, as well as their movement ki-
nematics, appeared to be independent of the visual condi-
tions. This selective effect of depth vision on the explicit but
not on the implicit learning is a finding that bears further
investigation. There are reasons to believe that this null
effect may just be an absence of evidence rather than
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evidence of absence. The effects of the depth cues might
have been too small be detected, given how flat the error sen-
sitivity function was for the clamped group. Or maybe the
depth cues were concentrated too much in the periphery of
the visual field relative to the area where the clamped feed-
back appeared. At this stage, there are merits to both
accounts. On the one hand, a common mechanism of depth
analysis shared by both explicit and implicit learnings would
be in principle a parsimonious account. On the other hand,
there is potential support in the literature to the hypothesis
that explicit and implicit processing of depth information
could feed from different encodings of the depth signals.

Explicit-Egocentric versus Implicit-Retinotopic Encoding
of 3-D Error Information

A possible explanation as to why implicit learning
appeared to resist the effect of the depth cues is that adapta-
tion may rely on a different, lower level form of spatial proc-
essing, such as, for example, expressing the error size
retinotopically as the angular distance between the projec-
tions of the end point and of the target’s center. In principle,
such an encoding mechanism is effectively more stable and
resistant to contextual changes, because it constructs an
error signal based on local features taken out of their context.
The downside of its specificity is a lack of flexibility, for
example if changes in the context suddenly render those
same features as irrelevant for the action’s goal.

This description of how implicit learning may function in
3-D space fits well with the behavioral results of the previous
studies conducted in 2-D, which characterize sensorimotor
adaptation as stereotyped, slow and largely independent of
the context or task demands (14, 16). Notably, it also fits well
with recent neuroimaging studies showing that the cerebel-
lum contains multiple topographic maps of the visual field
that are retinotopically organized (63–65). These findings
could suggest that the computation of an error signal is
somehow expressed in retinal coordinates. Another similar-
ity with the existing literature is that implicit learning
appears to be more insensitive compared to explicit learning
(16, 18, 19, 23). Indeed, a retinotopic mechanism for localiz-
ing error information is computationally more parsimonious
than scaling retinal projections in egocentric coordinates.

An egocentric-versus-retinotopic dichotomy could be the
hint to a possible specialization of the motor learning com-
ponents with respect to depth information, where implicit
adaptation contributes maximally within the near space
whereas explicit learning handles errors in the far space.
Retinal vision is especially important in the peripersonal
space, where things are usually manipulated. Within reach-
able distance, retinal disparity is by far the most reliable of
the depth cues (66) and most commonmanipulatory actions
can be thought of as alignment tasks. However, since dispar-
ity decays rapidly with the square of the distance, monocular
pictorial cues constitute the predominant signals for the
interpretation of the 3-D space beyond �2 m (46). The inter-
action between distance and visual condition found in this
perceptual task is a classic signature of this competition
between cues. When the stimulus was at the near distance of
1m, binocular disparity was strong enough to allow observ-
ers to detect that the target did not change in size (nor in

egocentric position) between the depth and the no-depth
scenes. Conversely, binocular disparity was negligible when
the target was at the far distance of 7m, thus size (and posi-
tion) estimation was entirely driven by the richness in the
pictorial cues.

It is possible that sensorimotor adaptation would selec-
tively respond to errors in the peripersonal space because
small corrections that are meaningful near the body corre-
spond to enormous overcompensations at large distances,
which would require a counter-intervention by the explicit
system. At far distances, the competition between the two
types of learning would trigger a positive feedback loop that
would not converge towards a stable state. Moreover, a near/
far division of labor is consistent with previous work show-
ing that implicit learning is most efficient with small errors
that are within the range of the motor noise, whereas it satu-
rates with larger perturbations that are instead handled by
the explicit learning (67).

If explicit and implicit learning were equally competitive at
large distances, their interaction would be very problematic
for the motor system, since even small errors would result in
great instability. Furthermore, the fact that the movement ki-
nematics of the clamped group did not reflect changes in the
apparent distance of the target whatsoever (as opposed to the
delayed group) is another evidence in favor of a true null
effect of depth. Considering the many analogies between the
data collected here and the previous literature, the present
study hints that implicit learning might be more concerned
with the direction of a perturbation, while explicit learning
with its magnitude (16–18; but see Ref. 23). Recent data
showed that implicit learning could decrease its contribution
over time, akin to an inhibition mechanism, when the motor
system faces task demands that make sensorimotor adapta-
tion counterproductive to the performance (68, 69).

Perceptual Biases in VR

The perceptual results suggest that judgments of error size
were affected by multiple sources of bias distorting the esti-
mation of the egocentric distance of the stimuli. First, stereo-
scopic devices such as VR head-mounted displays (HMDs)
are known for causing a perceptual compression of the simu-
lated environment along the depth dimension, due to the
mismatch between the accommodative distance of the
lenses and the fixation distance produced by the rotation of
the eyes, known as vergence-accommodation conflict (70–
75). In our perceptual task specifically, this may have been in
part responsible for the asymmetry between the error esti-
mations at the near distance of 1 m versus at 7 m.
Interestingly though, the perceptual data were decisively
pulled toward the specific distance of 4 m (Fig. 2, identity
line), precisely the probe’s distance. Regardless of the poten-
tial effect of the vergence-accommodation conflict, any vis-
ual compression caused by it would be common to both the
depth and no-depth conditions and, as such, it cannot
account for any relative differences between them.

The near-far asymmetry found in the perceptual task sug-
gests a second source of bias, a phenomenon previously
termed “visuospatial compression” by which the perceptual
space tends to compress along the depth dimension relative
to the physical space, such that near and far objects appear
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compressed towards a common intermediate distance (8).
Perceived size, which is lawfully related to perceived dis-
tance, warps accordingly: For example, a small coin near the
body and the moon in the sky are judged as more similar in
size if viewed such that their images subtend the same area
on the retina and are surrounded uninformative back-
ground, because their retinal projections tend to be scaled by
a common distance (76, 77). Compared with the veridical
simulated values (in cm), participants matched a larger size
to the near target and a smaller size to the far target, consist-
ent with the two stimuli appearing closer in depth and thus
more similar in diameter. Figure 2 shows the signature of
this effect: the near and far estimates are drawn towards the
dashed line representing the target’s projection at the
probe’s distance of 4m. This perceptual bias was promoted
by three experimental conditions: first, the adjustments
were made at the same intermediate distance, which caused
near and far images to be rescaled by a similar factor; sec-
ond, the near and the far targets subtended the same exact
retinal size to begin with, flattening their two estimates to-
ward a common value; third, and most critical for the study,
the overwhelming lack of depth information in the sur-
roundings of the target under the no-depth condition pre-
vented the visual system from contrasting the perceptual
compression of space.

The depth condition was specifically designed to measure
the degree to which retinal depth cues allowed observers to dis-
ambiguate how far and how big the target actually was. Under
this condition, in addition to ocular vergence, participants
could rely on plenty of pictorial cues to assess the target’s ego-
centric distance. As expected, participants adjusted the near
and the far targets as if they appeared more dissimilar in size
relative to no-depth (F1,39 = 233.65, P < 0.001), compatible with
them also appearingmore distant from one another.

Conclusions

As the interaction between the two learning systems is
multifaceted and complex, this investigation has just
scratched the surface of the problem. Future work will need
to address how depth cues are incorporated in detail and
how explicit and implicit systems work in cooperation or in
competition with each other.
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